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Abstract

This study, inspired by the wearable wristbands used
at the Osaka Expo in Japan, establishes a visitor
interest analysis system that integrates physiological
signals, spatial location, and posture data. The system
measures heart rate and blood oxygen saturation using
an ESP32 paired with a MAX30102 sensor, identifies
the visitor's location points within the exhibition area
using a Wi-Fi positioning module, and captures
behavioral features such as forward lean posture using
a camera. All data is transmitted in real-time to a back-
end database, and a results report is automatically
generated after the experience concludes.

Keywords: ESP32, MAX30102, Wi-Fi positioning,

forward lean posture.
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