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A Multi-Agent Reasoning and Prediction System for Crime Detection
and Alert Notification
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Abstract

This paper implements a system combining
RAG and multimodal LLM, integrating
YOLO image processing and multi-user real-
time reporting to extract multi-source crime
features and broadcast emergency messages
via LINE, incorporating GPT-SoVITS for
customized voice synthesis and audio
broadcasting . The system introduces Chain-
of-Thought (CoT) and  Multi-Agent
technologies for crime prediction inference
and supports natural language queries. This
effectively reduces the cost of manual video
retrieval, helps prevent indiscriminate harm
incidents, and enhances case response
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efficiency.
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