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Abstract

This project develops a golf posture
recognition system that integrates front-view
cameras, side-view cameras, a high-speed
camera, and wearable sensors. The system
converts golf swing data into 3D skeletons,
clubhead trajectories, angle charts, and
textual feedback. The frontend provides
recording, progress tracking, visualization,
and history review, while the backend
performs address-pose detection, automatic
recording, pose estimation, sensor processing,
data fusion, and result management. To
reduce errors caused by occlusion, motion
blur, sensor packet loss, and coordinate
inconsistency, the proposed workflow uses
timestamp alignment, unified coordinates,
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prototype demonstrates a complete pipeline
from data acquisition to visualized analysis
and can serve as a basis for golf training
assistance and future motion analysis
applications.
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pose estimation, wearable sensor, 3D
visualization
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