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A Stock Price Prediction Model Using LLM-Based

Market Attention Analysis
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Abstract

This study develops a stock prediction
that

sentiment analysis with a time-series model,

system integrates  financial news

focusing on MAG-7 stocks. The system
collects financial news and uses Financial-
RoBERTa to classify news text, which is then
aggregated into daily sentiment scores. These
sentiment features are combined with stock
prices, technical indicators, and other
technical market data, and are fed into a TCN

model to predict stock prices for T+1, T+2,
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and T+3. Overall, this study verifies that news
sentiment can serve as an important reference

for supporting stock price prediction.
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